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Key points: the idea of jamming and composing

e Use GAN (specifically WGAN-GP [2]) to support both
“conditional generation” (e.g. following a prime melody)
and “generating from scratch”, following our previous
MidiNet model.

e Use convolutions (instead of RNNs) for speed

e | earn from MIDIs & Lead Sheet XMLs (using piano-rolls)

MuseGAN architecture
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Figure 2. Multi-track piano-roll representation




